With the arrival of the Big Data wave, the open availability of data with higher spatial, temporal, and thematic resolution enables us to better address complex scientific and social questions. Meanwhile, understanding, sharing, and reusing these data becomes more challenging given their high dimensionality and inter-connectedness. Spatio-temporal data mining (STDM) is the extraction of unknown and implicit knowledge, structures, relationships, or patterns from large amount of space-time data [1] . It emerged out of a need to create effective and efficient techniques in order to turn massive data into meaningful information and knowledge and is a key tool in analysing Big Data with spatiotemporal extent. This special issue includes three articles on understanding patterns and relationships of natural phenomena in three different applications.
by using the first bloom dates of lilacs from 1956 to 2003. The data were collected through Volunteered Geographical Information (VGI) and by expert researchers. It is argued that care must be taken when analysing data of this kind, with particular focus on the issues of lack of experimental design, and Simpson's paradox. It makes use of random coefficient modelling and bootstrapping approaches to overcome this issue, and a gradual advance in the onset of spring is suggested by the results of the analysis. A key lesson learned is that the appropriateness of the model calibration technique used given the process of data collection needs careful consideration.
